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Abstract:  

One Of The Biggest Challenges Faced By Mbfc Across The Country From Years Is The Challenge Of Default 

And Delinquencies. Alternate Data Has Evolved As A Method To Overcome The Issue. The Current Paper Tries 

To Identify Many Alternate Data Variables Identified Across Literature, Further Based On The Opinion Of More 

Than 300 Credit Managers Of The Selected Nbfc Branches Across The Country, Has Identified Factors From The 

Same. The Researcher Further Has Taken The Opinion Of These Nbfc Credit Managers As To The New Rating 

Systems Based On The Factors Identified Have Been Able To Predict The Loan Delinquencies In Time And Have 

Been Able To Reduce The Loan Defaults. The Analysis Leads To A Favourable Conclusion. 

Keywords: Alternate Data, Alternate Data Factors, Loan Delinquencies, Loan Default, Non-Banking 

Financial Companies. 

1. Introduction 

The Financial Service Sector Of Our Country Comprises Of Mainly Capital Markets, Insurance Sector And Non-

Banking Financial Companies (Nbfcs). But Post Subprime Crisis, The Status Of Nbfc’s Has Changed Remarkably 

In Terms Of Regulatory Reforms, Technology Used And Even The Status In The Financial System Has Diverse. 

Many Challenges Have Come Across And One Of Them Is, It Faces The Problem Of Loan Delinquencies And 

Defaults. Mainly The Nbfc’s In The Country Have Their Business Offices Set In Rural Areas Due To The 

Business Opportunities In Those Areas. Hence, Variety Of Traditional Methods That The Banking And Non-

Banking Sector Uses For The Loan Assessment, But Post Disbursement, There Are Very Limited Methods For 

Prediction Of Loan Default [1].  

Delinquencies 

“Delinquent Describes Something Or Someone Who Fails To Accomplish That Which Is Required By Law, Duty, 

Or Contractual Agreement, Such As The Failure To Make A Required Payment Or Perform A Particular Action” 

[2]. 

Loan Delinquency 

Based On The Definition Of Delinquency, It Can Be Said That A Loan Delinquency Occurs When An Individual 

Or Corporation With A Contractual Obligation To Make Payments Against A Debt, A Loan Payment, Does Not 

Make Those Payments On Time Or In A Regular, Timely Manner. 

Delinquent Vs Default 

“In A Financial Sense, Delinquency Occurs As Soon As A Borrower Misses A Payment On A Loan. In 

Contrast, Default Occurs When A Borrower Fails To Repay The Loan As Specified In The Original Contract. 

Most Creditors Allow A Loan To Remain Delinquent For Some Time Before Considering It In Default. The 

Duration Lenders Allow For Delinquency Depends On The Creditor And The Type Of Loan Involved” [2]. 



 

A Study Of Alternate Data Factors As A Tool For Predicting Loan Delinquencies And Reducing Loan Defaults 

In An Indian Nbfc 

 

3172 

Status Of Nbfc’s In India 

Since Evolution, Nbfc’s In India Has Expanded Rapidly, In Terms Of Size, Diversity In Operations, Services 

Provided And Role In Bringing Inclusive Growth. The Sector Has Been Growing Shoulder To Shoulder With 

Private Banks With Tech Innovations And Adaptations In Operations Of Business And Also In Credit Rating, 

Credit Evaluation And In Fact Has Been A Step Ahead In Terms Of Modern Banking Solutions [3].  

Challenges In Front Of Nbfc’s  

Though, The Nbfc Sector Has Seen A Tremendous Growth In A Short Term, But Its Facing A Lot Of Challenges 

Right From Incorporation To Becoming Operational. All These Challenges Are In The Process Of Being Resolved 

Step By Step By The Regulatory Authorities With The Dynamic Reforms.  

But The Major Challenges Faced By Indian Financial Sector I.E. Banking Sector Are Faced By The Nbfc’s Also. 

The Banking Sector In India Has Been Facing A Problem Of Loan Delinquencies And Defaults Since Ages. Even 

The Nbfc’s Are Facing The Same Problem. The Researcher Has Tried To Explore The Details About The Same 

In The Following Segments (Livemint Article Indian Banks Are In For A 20 Trillion Hole) [4]. 

Figure No. 1: Challenges Faced By Nbfc’s [4] 

 

The 90+ Days Past Due Percentages Of Balance Level Delinquencies Is Highest For Nbfc’s Among The Three, 

I.E. Private Banks, Public Sector Banks And Nbfc’s. The Percentage Has Gone Up From 4.59% In August 2019 

To 5.04% In August 2020. (Economic Times Article ‘Nbfc’s Gross Npa Ratio Rises To 6.3 Pc In Sept- Rbi 

Report’)As Per The Report Of Rbi Further, In September 2019 The Gross Npa’s Of Nbfc’s In India Increased To 

6.3 Percent Which Was Earlier 6.1 Per Cent In March 2019 As Stated In Industry Insight Report Cibil, 2019 [5]. 

The Quarter Three, Overall Delinquency Rates Which We Can See For The Year 2019, Above Is 51 Bps High 

Than That Of Overall Delinquency Rate A Year Ago. The Delinquency Rates For Public Sector (Psu) And Private 

Sector (Pvt) Banks For The Period Of Comparison Reduced In That Period By 26 Bps And 9 Bps Respectively 

As Stated In Crisil Nbfc Report 2020 [6]. 

In Modern Times, The Lender Has Given Rise To Many New Methods That Can Help In Predicting The Loan 

Defaults, Alternate Data Factors Is One Such Factor. The Current Study Tries To Understand The Use Of 

Alternate Data By Creating A Strategic Model For Prediction Of Loan Delinquencies And Possible Reduction In 

Loan Defaults Of One Such Deposit Taking Nbfc, ‘Mahindra & Mahindra Financial Services’. 

https://economictimes.indiatimes.com/topic/NPA-ratio


Sundar R1, Dr. Sapna Singh2, Prof. Mohit Gangwar3 

3173 

Alternative Data 

“Alternative Data Refers To Data Used By Investors To Evaluate A Company Or Investment That Is Not Within 

Their Traditional Data Sources (Financial Statements, Sec Filings, Management Presentations, Press Releases, 

Etc.). It Helps Investors Get More Accurate Or More Granular Insights And Metrics Into Company Performance 

Than Traditional Data Sources [3]” 

Use Of Alternate Data For Loan Delinquency Prediction 

In Spite Of Careful Lending Practices Followed By Banks & Financial Institutions, The Trend Of Rural Loan 

Defaults Continues To Grow And The Finance Companies Either Reject The Loan Applications Based On Scoring 

Pattern Or Lend At Higher Rates To Cover The Additional Risk. Rural Economy Mostly Relies On Environmental 

Criteria’s And Impact To These Affects The Entire Community. Thus, Any Prediction Made At The Time Of 

Lending Money Is Not Correct For The Entire Tenure Of The Loan. Earlier Researchers Had Brought Out Brilliant 

Information And Ideas On The Current Trends On Account Of Evaluation From Fintech Solutions. 

With The Evolution Of Fintech And Mobile/Smart Phone Penetration In India (Which Is Expected To Rise To 

730.7 Million Which Is Above 54% Of India’s Population) Data That Gets Generated In The Customer Mobile 

Phones Will Be A Great Help To Understand The Changes That Happens To Customer Business Performance, 

Environment And Behaviour.  To Enable This, The Customer Mobile Application Of These Rural Finance 

Companies Should Be Activated With Features, To Capture The Relevant Data From The Sms, Call, Social Chats, 

Etc That Happen From The Mobile Phone. Such Data Is Called ‘Alternate Data’. The Customer Should Be 

Encouraged To Use The Mobile Application Of The Nbfc’s [7].   

Further, Information About The Local Incident, Such As New Projects, Strikes, Flood, Drought, Communicable 

Infections, Etc., Are Also Available Freely In Various Authenticated Websites Of The State/Central Government 

And News Agencies. This Information Also Can Be Classified As ‘Alternate Data’. 

Figure No. 2 [7] 

 

Alternate Data If Collected Can Surely Help The Lenders To Predict The Loan Delinquencies. The Resultant 

Process Can Be Seen In The Diagram Above. 

Thus The Researcher Has Done A Thorough Review Of Literature In The Specified Area. 

2. Review Of Literature 

The Researcher Has Explored A Wide Range Of Literature Available In The Subject Area To Understand The 

Concept Of Alternate Data In Detail, And To Understand The Uses Of The Same To Study The Usable Factors 

For The Selected Study. The Review Of Papers Published In Various Reviewed International Journal Is Presented 

Below.  
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Alternative Data 

“A Wide Array Of Data Falls Outside The Traditional Credit Data Definition That Can Be Deployed Throughout 

The Loan Life Cycle. Data Sources That Fall Outside Of That Scope Are Generally Referred To As Alternative” 

[8]. 

“Alternative Data Is, Put Simply, Any Information That Is Non-Market Data. As Such Any Usable Information 

Or Data That Is Not From A Financial Statement But Can Be Used In Obtaining Insight Within The Investment 

Process” [9] 

There Is A Huge Amount Of Data That Falls Under Alternate Data. Majority Of It Being The Payment Bills 

Related To Rent, Cell Phones, Etc. Normally These Factors Are Not Included In Traditional Credit Report. 

Besides, New Loans Taken Their Repayment History Bank Account Transactions Are Also The Data Sources. 

With Wide Usage Of Phones And Apps For Financial Transaction And Increased Use Of Internet Banking These 

Transactions Are Carried Frequently.            

 On The Basis Of The Credit Scores And Predicting The Loan Default It Can Help The Financial Institutions A 

Lot To Prevail The Credit Risk. In Addition, The Data Used In Traditional Models I.E., Educational Background, 

Occupation And Other Demographics Along With The Alternate Data Like Social Media Activity And Online 

Activities Can Be Of Lot Of Use For Various Functions Including Marketing Of Products, Fraud Detection, 

Rejection Of Loans And Designing Collection Strategies [10]. 

Author [11] Has Taken The Study Related To The Alternate Data To The New Level Where They Try To Examine 

The Possibilities Of Using An Individual’s Online Behavior Captured From Their Mobile Phones For Predicting 

The Possibility Of Default. There Are Few Pionner Studies In The Field Of, Use Of Machine Learning, Use Of 

Fintech For Credit Scoring Using Digital Data Berg, Burg, Gombovi´C & Puri (2019), A Combination Of Fintech 

And Savings Mechanism In D’acunto, Rauter, Scheuch &Weber (2019) And Use Of Robotics In Finances In 

D’acunto, Prabhala & Rossi (2019) And Fuster, (2018). All The Studies Are Based On The Use Of Mobile And 

Digital Data And Using It For Various Uses In The Field Of Finances [12].  

Further Viani B. Djeundje (2021) In Their Study Attempt “To Evaluate The Predictive Accuracy Of Models Using 

Alternative Data That May Be Used Instead Of Credit History, To Predict The Credit Risk Of A New Account.” 

The Researchers Have Proved That Use Of Email Data, Psychometric Variables And Demographic Variables 

Together Can Give More Accurate Prediction Of Possible Loan Defaults Than Conventional Data [13].   

Agarwal S. (2019) In Their Study, Have Tried To Analyze If Unstructured Mobile Footprint Data Of The 

Customer Can Replace The Traditional Data For Credit Scoring. And It Found That The Mobile Footprint Has 

Outperformed The Credit Score Prediction Of Loan Approvals And Prediction Of Defaults. The Data Includes 

“Deep Social Footprint Data” Based On Call Logs Which Is Used For Prediction Based On Machine Learning 

[14]. 

The Experiments Of Using Unconventional Data Have Started Since Late 2000s By Various Researchers Like De 

Cnudde And Oskarsdottr. The Researchers Have Tried To Check The Predictive Accuracy Only Using The 

Unconventional Data With Conventional Data. And Found That The Unconventional Variables Have 

Discriminatory Power Of Classifying Good And Poor Re-Payers. Further Adding To It, Agarwal (2019) Suggests 

Psychometric Data In To It A Combination Of Psychometric Data And Characteristics Of Email Usage 

Collectively Give A Better Accuracy In Prediction. And They Add, “Our Work Suggests That Since These Types 

Of Variables Increase Predictive Accuracy, It May Be Possible For Lenders That Have Large Amounts Of 

Conventional Repayment Data To Have Even More Accurate Models By Using These Variables Than Omitting 

Them Which Is Currently The Case” [15].  

Challenges In Using Alternative Data  
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The Alternate Data Along With A Combination Of Analytics Can Do Wonders For Financial Sector But The 

Other Side Of Coin Of The Ramkumar Srinivasan (2019) Records The Challenges In Using Data Alternative 

Data [16]. The Other Challenges Listed Are: 

● Data Availability  

● Quality And Consistency  

● Objectivity – Data Contextualization  

● Technology Complexity  

● Prudent Implementation Of Big Data Strategies  

● Poor Systems Integration  

● Ethics  

● Periodic Review Of Models And Strategies  

Alternate Data Importance  

The Challenges Don’t Reduce The Importance Of Alternate Data By Any Means. The Paper By Philip 

Higson(2017) Identifies Various Alternate Data Factors As Tool Sets Like Location Data, Online Shopping Data, 

Payment Processing Data, Consumers Internet Browsing ,Job Platforms And The Companies In Which These 

Factors Are Used. The Paper Talks About The Importance And Increasing Use Of Alt Data [17].  

Alternate Data Factors 

“A Wide Array Of Data Falls Outside The Traditional Credit Data Definition That Can Be Deployed Throughout 

The Loan Life Cycle. This Data May Allow A Lender To Get A More Detailed Picture Of A Consumer’s Financial 

Behavior And A More Accurate Picture Of The Consumer’s Identity And Preferences.” (Leslie Parish 2018) The 

Researcher Tries To Identify The Alternate Data Factors, Form The Review Of Literature, With The Objective 

Of Building A Credit Scoring Based On Various Alternate Data Factors Collected From The Mobile Use Of The 

Loan Customer. From The Study Of Paper By (Leslie Parish 2018) Has Identified Few Important Factors Along 

With Few Mentioned Already By Other Researchers And Are Mentioned Above [18].  

Figure No. 3: Alternate Data Factors And Sources Across Loan Life Cycle [19] 

 

The Researcher Has Specified The Alternate Data Factor And Challenges In It. The Biggest Challenge Faced Is 

The Availability Of Data And Willingness To Share The Data For Scoring. 

Using Alternate Data For Reducing Delinquencies 
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The Researcher Further Has Tried To Review The Literature Specifically In The Area Of Predicting And 

Reducing Loan Delinquencies Using Alternate Data. A Discussion Paper By Julia S. Cheney, ‘Alternative Data 

And Its Use In Credit Scoring Thin- And No-File Consumers’, Studies “The Continued Evolution Of Supply And 

Demand For Alternative Data In The Credit Information Markets’ And Concludes “While Obstacles Remain In 

Moving Toward Incorporating Alterative Data Into Lending Decisions By Traditional Financial Institutions, 

There Also Seem To Be Really Social And Economic Incentives For Doing So” [20]. 

 

The Paper Gives A Detailed Discussion On Alt Data, Factor To Reduce The Delinquency Rates. 

3. Research Methodology 

The Researcher Here Has Collected Data From More Than 300 Branches Of The Selected Nbfc I.E. Mahindra & 

Mahindra Financial Services, Spread Across The Rural Areas Across The Country. The Data Has Been Collected 

From The Credit Managers Of These Branches Through Convenient Random Sampling Method.   

The Hypothesis Is Formed And Statistically Tested. But Before That The Researcher Has Identified Specific 

Alternate Data Factors Which Can Be Used For Prediction. 

4. Data Analysis  

Alternate Data Factors 

The Researcher Further From Literature With Senior Management Analysed Many Alternate Data Factors And 

Has Asked The Opinion Of Credit Managers For The Timely Information Of W The Given Factors That Will Be 

Helpful In Predicting The Conversion Of A Good Loan In To A Possible Default Loan. The Respondents Were 

Not Given An Idea About The Factors Being Alternate Factors. The Data Collected About The Ranks Of Which 

All Factors From The Given List Are Important To Help Predict The Possible Default Loan In Time Is Collected 

And Presented Below.  

Table No. 1: Ranking Of Alternate Data Factors 

Sr. 

No.  
Particular Na/0 Rank  Total 

   1 2 3 4 5  

1 Location Related Information 50 36 40 97 53 42 318 

2 Local Geographical Difficulties 19 30 23 83 75 88 318 

3 Local Communal Disturbances 21 22 41 77 86 71 318 

4 Local Strengths / Plus Points 22 35 37 84 102 38 318 

5 Climatic Changes 24 28 25 102 52 87 318 

6 Farming Failures 14 17 46 89 88 64 318 

7 Farming Successes 16 17 17 74 91 103 318 

8 Business Failures 29 21 40 59 87 82 318 

9 Business Successes 24 9 36 68 65 116 318 

10 Utility Bills Info 30 28 29 74 86 71 318 

11 Phone Bills Info 49 56 46 81 55 31 318 

12 New Loan Related Info 48 61 74 63 45 27 318 

13 Financial Transactions 22 22 29 65 87 93 318 

14 Online Shopping Info 19 14 23 79 76 105 316 

15 Health Info 47 77 55 87 33 19 318 

16 Web Search Info 28 27 38 73 84 68 318 

17 Premium Dues Info 50 66 55 82 40 25 318 

18 Loan From Others 39 18 46 97 53 65 318 
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Table No. 2: Mean Score Of Ranks Of Alternate Data Factors 

Sr. No.  Factors Mean Rank 

1 Location Related Information 2.61 

2 Local Geographical Difficulties 3.35 

3 Local Communal Disturbances 3.25 

4 Local Strengths / Plus Points 3.02 

5 Climatic Changes 3.23 

6 Farming Failures 3.30 

7 Farming Successes 3.62 

8 Business Failures 3.26 

9 Business Successes 3.54 

10 Utility Bills Info 3.17 

11 Phone Bills Info 2.41 

12 New Loan Related Info 2.24 

13 Financial Transactions 3.42 

14 Online Shopping Info 3.56 

15 Health Info 2.12 

16 Web Search Info 3.14 

17 Premium Dues Info 2.22 

18 Loan From Others 2.95 

 

The Data In Table No. 1 Suggests That Business Success Is Ranked Highest By Majority That Is 116 Respondents 

Out Of 318, Followed By Online Shopping Information With 105 Respondents Ranking It Highest. Farming 

Success Is The Third Factor Ranked Highest With 103 Respondents Ranking It As Most Important And Useful 

Factor For Predicting Loan Delinquencies. Health Information, Premium Dues And New Loan Related Info Are 

The Factors That Are Rated As Most Important By Very Few Respondent Managers. To Have A Better 

Understanding, The Researcher Further Has Used The Mean Rank Analysis To Find Out The Best Ranked 

Factors. The Mean Rank Analysis Is Presented Above In Table No. 2. 

  

The Mean Rank Analysis Of Ranked Data Of Alternate Data Factors Suggests That, Farming Successes, Online 

Shopping Info And Business Successes Are The Top Three Most Important Factors For Predicting Rural Loan 

Delinquencies With Mean Rank Scores Of 3.62, 3.56 And 3.54. These Factors Are Followed By, Financial 

Transactions (3.42), Local Geographical Difficulties (3.35), Farming Failures (3.30), Business 

Failures (3.26), Local Communal Disturbances (3.25), Climatic Changes (3.23), Utility Bills Info (3.17), Web 

Search Info (3.14), Local Strengths/Plus Points (3.02), Loan From Others (2.95), Location Related Information 

(2.61), Phone Bills Info (2.41), New Loan Related Info (2.24), Premium Dues Info (2.22) And The Least Ranked 

Health Info (2.12). As Can Be Seen From The Above Analysis, Though The Data Gives Us The Most Ranked 

Factors In Sequence But The Mean Ranks Are Too Close. For The Better Analysis The Researcher Further Has 

Used Factor Analysis On The Factor Ranks. Which Is Presented In The Below In Table No. 3. 

 

Table No. 3: Factor Analysis - Alternate Data Factors 

Rotated Factor Loadings And Communalities   

Varimax Rotation      

Variable Factor1 Factor2 Factor3 Factor4 Communality 

Location Related Information 0.183 -0.304 -0.545 0.221 0.473 

Local Geographical Difficulties 0.074 -0.08 -0.846 -0.068 0.731 

Local Communal Disturbances 0.304 -0.242 -0.559 0.08 0.47 

Local Strengths / Plus Points 0.21 -0.339 -0.476 0.176 0.416 

Climatic Changes 0.025 -0.204 -0.479 0.116 0.285 
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Farming Failures 0.053 -0.246 -0.575 0.288 0.477 

Farming Successes 0.203 -0.258 -0.258 0.849 0.894 

Business Failures 0.121 -0.56 -0.28 0.154 0.431 

Business Successes 0.327 -0.485 -0.237 0.448 0.598 

Utility Bills Info 0.86 -0.153 -0.137 0.144 0.803 

Phone Bills Info 0.866 -0.191 -0.046 0.127 0.804 

New Loan Related Info 0.311 -0.642 -0.304 0.092 0.611 

Financial Transactions 0.171 -0.567 -0.298 0.241 0.497 

Online Shopping Info 0.759 -0.071 -0.207 0.142 0.644 

Health Info 0.412 -0.356 -0.374 0.176 0.467 

Web Search Info 0.765 -0.239 -0.18 0.07 0.68 

Premium Dues Info 0.419 -0.653 -0.088 -0.006 0.61 

Loan From Others 0.116 -0.75 -0.306 0.161 0.696 

Other: 0.594 -0.203 -0.041 0.003 0.395 

            

Variance 3.8306 3.004 2.8323 1.3168 10.9836 

% Var 0.202 0.158 0.149 0.069 0.578 

 

The Analysis Of Alternate Data Factors Using Factor Analysis Help Us Categorize The Variables In 4 Factors. 

As Can Be Seen Clearly In The Above Table Factor1 Comprises Of All The ‘Life And Lifestyle Expenses’ Of 

Borrowers, Which Includes Variables Like Utility Bills Information, Phone Bill, Online Shopping, Health 

Expenses, Web Search And Premium Dues Information With Highest Loading Factors. Based On The Factor 

Loadings, Factor2 Comprises Of All ‘Debt Transactions’ Which Include New Debts, Financial Transactions, 

And Loan From Others. These Variables Seem To Have A Negative Relationship With Other Factors. It Simply 

Means Of The Debt Burden Increase, Life Expenses Decrease.  

 

Factor3 Is More Related With ‘Geographical Information’ Which Includes Variables Like Local Geographical 

& Communal Disturbances, Local Strengths, Climatic Changes And Farming Failures. These Variables Form A 

Negative Relation With Other Variables. 

Factor4 Based On The Loading Factors Can Be Said To Be ‘Business Cycles’ Which Includes Variables Like 

Farming And Business Success. The Factor Has A Strong Positive Loading.  

The Researcher After Identifying The Alternate Data Factors Based On The Opinion Of The Credit Managers, 

Has Tried To Identify If The Alternate Data Factors Has A Significant Relationship With Prediction Of 

Delinquencies In Time And The Timely Changes In Collection Strategy Based On The Data Derived And Ranking 

Based On Alternate Data Can Reduce The Loan Defaults. The Researcher Has Formed The Hypothesis 

Accordingly And Tested Them. 

Hypothesis 01 

The Alternate Data Factors Have Significant Relationship With Prediction Of The Loan Delinquencies In 

Time. 

Prediction Of Possible Rural Loan Default In Time With Strategic Model 

The Researcher, For The Purpose Of Testing This Hypothesis Has Tried To Understand The Opinion Of 

Respondent Credit Managers On The Usefulness Of The Strategic Model In Predicting The Possible Loan 

Defaults In Time. The Data Is Analyzed Using Percentage Method. The Data Collected Is Presented In Table No. 

4 And Graph No. 1. 

Table No. 4: Prediction Of Possible Rural Loan Default In Time With Strategic Model 

Sr. No.  Particular No. Of Respondents % 
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1 Yes Completely 58 18% 

2 Yes Most Of It 141 44% 

3 Yes To Some Extent 79 25% 

4 Not Really, To A Very Less Extent 21 7% 

5 Not At All 19 6% 

  Total 318 100% 

 

Graph No. 1 

 

     

The Analysis Of The Above Data Suggests That Majority Of The Respondent Credit Managers I.E. 141 

Respondents Out Of 318(44%) Are Of The Opinion That With The Help Of Strategic Model Based On Alternate 

Data Factors, Most Of The Possible Loan Defaults Can Be Predicted. 58 Respondents (18% Respondents) Feel 

That They Can Predict The Possible Rural Loan Default Completely With The Help Of A Strategic Model Of Alt 

Data Factors.   

 So It Can Be Said That 62% Of The Respondents Feel That The Strategic Model Will Be Useful In Prediction, 

25% Additional Respondents Feel That The Use Will Be To Certain Extent Only. Only 7% Respondent Managers 

Feel That The Use Will To A Very Limited Extent And 6% Respondent Managers Feel That The Model. Will 

Not Be Of Any Use In Predicting Possible Loan Defaults. 

 

Overall It Can Be Said That Majority Of The Respondent Managers Feel That The Strategic Model Based On 

Alternate Data Shall Be Useful In Predicting The Possible Rural Loan Defaults. Thus It Can Be Said That The 

Hypothesis That ‘The Alternate Data Factors Have Significant Relationship With Prediction Of The Loan 

Delinquencies In Time’ Is Accepted. 

Hypothesis 02 

Timely Changes On Collection Strategy Based On Alternate Data Factors Can Reduce The Delinquencies 

Of Rural Loan Customers. 

Reduction In Rural Loan Delinquencies With Strategic Model With Timely Changes In Collection Policy 

The Major Use After Prediction Of Possible Loan Delinquency In Time, Shall Be Reduction In Rural Loan 

Delinquencies. The Researcher After Understanding The View Of The Credit Managers About The Use Of 

Strategic Model In Predicting The Loan Defaults, Has Tried To Collect The Data Related To Opinion Of Credit 

Managers On Reduction On Loan Delinquencies. Researcher Has Used Percentage Analysis To Test The 

Hypothesis On The Data. The Data Collected And Analyzed Is Presented In Table No. 5 And Graph No 2. 

 

Table No. 5: Reduction In Rural Loan Delinquencies With Strategic Model With Timely Changes In 

Collection Policy  

Sr. No.  Particular No. Of Respondents % 

0

100

200

Prediction of Loan Default with 
Strategic Model
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1 Yes Completely 50 16% 

2 Yes Most Of It 131 41% 

3 Yes To Some Extent 84 26% 

4 Not Really, To A Very Less Extent 22 7% 

5 Not At All 31 10% 

  Total 318 100% 

 

Graph No. 2: Possible Reduction In Loan Delinquencies With Strategic Model 

 
The Data Presented Above Clearly Suggests That, In Total 16% (50 Out Of 318) Of The Respondents Feel That 

They Can Reduce The Loan Delinquencies By Changing The Collection Policy  With The Use Of Strategic Model 

Based On Alternate Data And 41% (131 Out Of 318) Respondent Managers Feel That They Can Reduce The 

Loan Delinquencies With The Help Of A Model. Thus 57% Of The Respondents Are Of The Opinion That, By 

Changing The Collection Policy In Time Reduce The Loan Delinquencies To A Large Extent With The Help Of 

Strategic Model Based On Alternate Data. In Addition 26% More Respondents Feel That The Model May Help 

Reduction To Some Extent . So Overall 83% Respondent Credit Managers Are Of The Positive Opinion About 

The Model Shall Be Useful. Only 7% Respondents Feel That The Model Will Be Of A  Limited Use And 10% 

Respondents Feel That The Timely Changes In Collection Policy With The Help Of A Model Will Not Be Of 

Any Use In Reduction Of Rural Loan Delinquencies. Thus As Per The Overall Opinion Of Credit Managers, It 

Can Be Said That ‘Timely Changes On Collection Strategy Based On Alternate Data Factors Can Reduce 

The Delinquencies Of Rural Loan Customers’ Is Accepted. 

 

5. Conclusion 

Loan Delinquencies And Loan Default Has Been The Age-Old Problem Be It Indian Banking Sector Or Non-

Banking Financial Companies In India. The Traditional Methods Have Been Used To Assess The Credit 

Worthiness Of The Loan Applicant. But Once The Loan Has Been Disbursed, The Traditional Methods Further 

Are Not Really Useful In Projecting The Loan Delinquencies And Defaults. The Modern Methods Like Alternate 

Data Have Evolved As A Blessing To The Non-Banking Sector To Predict The Loan Delinquencies In Time And 

Reduce The Loan Defaults. The Methods Like Alternate Data Which Are Based On The Consumption Or 

Spending Data, Life Style Data, Medical Expenses And Based On Mobile Surfing Have A Significant 

Relationship With Predicting Timely Loan Delinquencies And Further Reduce The Loan Defaults By Changing 

The Collection Strategy By Using The Alternate Factors As A Timely Alert. 
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